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The log data management system is one of the key infrastructures for cloud computing. Missing of important 

log data leads to inaccurate and one-sided data analysis and decision making. However, the stronger the log data capturing 

capability is, the higher the runtime overhead is. In order to capture necessary log data and reduce the runtime overhead as 
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Fig. 1. The system model for capturing log data over the cloud
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Table 1. An example relationship between the value 

of the capturing grain and the target objects
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Fig. 2. The multi-grain-level log event samples
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Fig. 3. The system architecture of the grain-level self-con guring log capturing platform
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Table 3. The log data capturing modules used in the 

experimental performance study
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