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Abstract A multi-objective rapidly-exploring random tree path optimization method is proposed for the multi-
objective patrol path planning of mobile robots. According to the provided environment map and patrol target
points, a new method RRT-Connect-ACO is used to obtain the patrol sequence and feasible path of the target

points. Then the optimal path is obtained by introducing informed subset to optimize the path. The experiment
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results show that the method considers the influence of terrain and obtains an optimal path that is more consistent

with the actual situation, which is different from the existing multi-objective path planning algorithms.

Keywords multi-objective path planning; rapidly-exploring random tree; travelling salesman problem; ant

colony optimization; informed subset; mobile robots
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